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The Problem Space: Mental health
need and access to treatment

Increasing prevalence of mental health need

NHS Talking Therapies

Workforce shortages in NHS mental health L
Evidence based psychological therapies services '
Anxiety disorders and depression
Monitor outcomes — standardised measures
Face to face and digital l. “
1.8 million referrals last year, 600,000 .. . Variable quality, poor outcomes

completed a course of treatment " ,‘
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ieso is leading a digital mental health revolution.
Building new digital tools and products
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Welcome
to ieso

Therapy at your fingertips.

Quality
'*
e Evidence-based
&, Engagement
‘ =, A digital therapeutic that provides tailored

treatment responses
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Our core business: ieso text-based Cognitive Behaviour Therapy

Treating depression and anxiety

One-to-one typed CBT securely through our purpose- Good morning, Eliza

built and device-agnostic, Al enabled therapy platform.
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Treatment anytime, anywhere: 60%+ outside of
working hours

Wednesdery. 17 August
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A.l. tools for quality control

Synchronous and asynchronous messages between
patients and therapists_
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What makes treatment effective? Learning from real world data

. T For the first time in therapy, via a
Our unique clinical data set transcript, we have a full record of
v' Treatment in the NHS for >10yrs. every interaction / utterance
v Treated >100,000 patients between a clinician and a patient

v" >600,000 hours of
therapy (transcripts)

We blend science, Al and deep clinical expertise to our data set to find out what works for whom in therapy. We convert those insights into digital tools and products.
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Understanding the DNA of therapy, with deep learning model

What are the most effective components of CBT? SESSION START SESSION END (60 MINS)
8 minutes of 25 minutes of evidence-based 14 minutes of consolidation 13 minutes
non-therapeutic dialogue cognitive re-structuring techniques & action planning non-therapeutic dialogue

*  Manually coded transcripts — train a deep
learning model — applied to large data set of
transcripts - automatically categorize therapist
/ patient ‘utterances’ within a session

* Coded 24 'aspects' of therapy — turning
private language into anonymous tags

* Positive associations between therapist

language and patient outcomes (and Therapy Insights Model (TIM)
engagement).

+  Two studies (2019, 2021) (combined 300,000 Change methods Therapeutic praise
therapy hours).

Planning for the future Agenda setting

Perceptions of change Eliciting and give feedback

We blend science, Al and deep clinical expertise to our data set to find out what works for whom in therapy. We convert those insights into digital tools and products.
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Using data and science to build products and improve patient
outcomes: some examples

Improve patient
outcomes



Developing breakthroughs in digital mental health treatment

Data-driven care, data-driven
product development

Our peer-reviewed publications in leading

international science journals.

I Articles

Therapist-deli 1 internet psychott ford i
in primary care: a randomised controlled trial

Bk Dt stong edence o lfcive, gt bekinrl therapy (CBT) o i b0
sccens. Compoteised geograms bave been developed 1 improve arcessbany, but whether these .
o CBI

3 therapést for are.

s 1, 297 idividual with & score of 14 or

depression were recruited from 55

pom

wfirmed dio

B, mm Snd Whrmiclahi, UK. ariclpts ete eadetly aigac, 3 ot emeried o, 4

online

o wasi st ol T st ety Paipuns, resuchers vehed 1 recrtmet i therapisn
enasked i advance bo allocation. The primsry ouse recovery fromm depression (BDI score <10} 3

¢ months. Anshis was b o treat. Thi mimber ISRCTN 45444575,

Findi a3m%)
- roup verss 25
4 months fodds ratio 2-39,95% C11-25-4.67; p=0.01), and 86 (12%) verses 26 (20%) 3 8 meathes (207, 1.11-3-87:
Ppe0.023)

Interpretation CBT seem elvered online in rea time by 2 therapist. with benefts
e o i thed of ey s readen scrms o O

Fueiog BUPA Foudution
Introduction Howvrer,

jes shoud be more widely accrssible  onlime, with. st
than they are 3t present.  theragist nicate in real time with 1

There i3 an increased awareness of the health

u;,,m erapies  centres o S o kg
iy o€ andsccesstoforeign linguage therapiets. Soeme evidence
s that writing abou traumatic evers can

i m.uw e ffc
with dep

Methods

dpants
randomised contralled
plce etween 0

effective than &

Inforrmat eined 22 beng dugoosed
ocem o pychelogic hempy. and CBY docsee hin the ¢ weeks peeoding eferal. W rcud
e detivered fceso o ression in the  months before
‘Computerived CBT programs. alhes
inflxibe, an e ifcult 1 taor n individual paient
needs. 1nd are associated wih kow raees of adherence. o depeession with the tnbermaions
- e b o V374 Mg 1, 009

We blend science, Al and deep clinical expertise to our data set to find out what works for whom in therapy.

Demographic and clinical predictors of response
to internet-enabled cognitive-behavioural therapy
for depression and anxiety

Ana Catans, Sarah Bateu
Steven 0. Holor, Samuel B

Katharre Freer, Andy
AT, AN Hapes 0 Andrew D, Biackwe

Mo arudd enios CBT amecaod it betes

miouted 1o bve 4 ocvtl b, prokdes I o7 g Te™? b Aot s thsm.
i

cned with s
e nchude

s o cxplore patient and

Ty e o RERT bt

JAMA Paychistry | Origial ke
Quantifying the Association Between Psychotherapy
Content and Clinical Outcomes Using Deep Learning

Vet T, R, S B, WA A ot PR,

A Mt 5 Achew) Backat, 0
B3 sospimered cantee
et Pt e r6mams poos and the 310 o AT e 0w 3

ofpeychothapy

CRIETIY Touse s deep eariog model spp

o dona st of copritie
ement
of wach aspect o tharapy

kv a0 10 ot
Gelhees and chnica autzomes

o ssociation tatween

ANO RTINS A it were obtained rom patiens eceting

June 2012 snd

March 2018 i Engiane. mp.,.‘.,.r,,.wm‘.)m..m.....:. 3 ecars cotna harapy
757

onmory beath care mecke deectly ot sevce

oass M mcved ot it o et o B pemnd
nercor spec e CHT e s v by 2 sl BTt

IMES AN WEASLRES Chmcal ncames weve mesured e of ekl

Zoaverty mescures:

thesipy sesion

8300 94 yoars fadian g6, 34.8yoarc wero ncoded i the il sy

mareol 24

oot o session festures, "

g g et cgrioe

ool ymotominpravmer ot it 035, 5%
085.0.92) and patient angagenent o €0, 158, 95% O

CONCLUSIONS AND SELEVACE T work demorsarones an ss0cition betweencincal

yMptoms. Tha appication of deap karring o arge hncal data

St civcal pracice

Domubaied From: Wi Jamanetwork com o0 08222019

Psychological Medicine

cambridge.orglpsm

Original Article

it this st 3o A, Pt M,

ol By § e . T
el 4 2020 Refeing o

mierarding of deress e 3 st

Refining our understanding of depressive states
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We convert those insights into digital tools and products.
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Putting patients at the heart of what we do: Optimising efficacy
and outcomes

“After 12 sessions with my
amazing therapist | left with a
variety of tools to help me
Mmanage my anxieties going
forward. It’s helped me more
than | thought and | have a

strong well-being plan in place
for the future”

“l could download the whole
therapy session afterwards to
re-read it and think about it. |
had a good number of sessions
and felt at the end that | had
made real positive progress!”

“I found the format - online
text based - very easy to do
and clarifying. The structure of
the sessions enabled me to
better frame my issues,
understand my behaviour and
find new ways to behave.”
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